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Forecasting the 2006 Elections for the United
States Senate

Carl Klarner, Indiana State University
Stan Buchanan, Indiana State University

“T o arrive at some understanding of
what is going on is hard enough,”

says Abraham Kaplan, “without having
also to meet the demand that we antici-
pate what will happen next” ~1964, 351!.
Despite Kaplan’s warning, attempts at
forecasting American elections by politi-
cal scientists have grown in recent years.
Foreshadowing election results is not just
a casual interest for political scientists. It
both sparks interest in the work of our
discipline, and serves as a pedagogical
tool. We admit that many challenges
present themselves when we attempt to
predict complicated social phenomena;
but if we, instead, limit our research to
description and explanation, the danger is
that repeated analysis of the same data-
sets will track patterns again and again
that do not exist in the reality outside our
samples. One guard against this is to
take theories about politics and employ
them to predict future events. In this
spirit, this paper utilizes well-known pat-
terns of congressional elections to predict
those of the 2006 Senate.

Over the last 30 years, forecasting
presidential elections has become some-
thing of a cottage industry among politi-
cal scientists. Notable early examples
include the work of Sigelman ~1979! and
Rosenstone ~1983!. More recently, the
October 2004 issue of PS was devoted to
forecasting that year’s upcoming presi-
dential election. In that issue, PS pub-

lished seven forecasting models by well-
known scholars. The median estimate of
these forecasts was fairly close to the
actual election outcome: about 2.5% off,
in fact ~Campbell 2005!.Forecasting
models published in PS and elsewhere
for the 2000 election were less success-
ful at predicting election outcomes, al-
though this failure may be explained as
the result of a lack of access to essential
data ~Bartels and Zaller 2001!.

Attempts at forecasting elections for
the U.S. House of Representatives have
been fairly common, although House
elections have not received quite as
much attention as presidential elections.
An early example of House election
forecasting was made by Tufte ~1975!,
who utilized presidential approval and
change in per capita income to predict
the number of seats that would change
hands in an election. Recent examples of
models predicting the 2002 midterm
House elections were showcased on the
American Political Science Association’s
Elections, Public Opinion and Voting
Behavior section web site.1 One of the
most notable of these models was pub-
lished by Lewis-Beck and Tien ~re-
ported in Bardwell and Lewis-Beck
2004!. Using presidential approval
numbers, income growth, and a dummy
variable indicating a midterm election
year, Lewis-Beck and Tien predicted
an eight-seat gain by the Democrats in
2004. The outcome was a Republican
gain of six seats. Well-known forecasters
have made their predictions for the
2006 elections using similar models
~Abramowitz 2006!.

Fewer forecasting attempts have been
made to predict U.S. Senate elections
~Bardwell and Lewis-Beck 2004!. Senate
forecasting models have typically utilized
information about the strength of the
economy, presidential approval, and seat
exposure. An early attempt at explaining
Senate elections was made by Hibbing
and Alford ~1982!, although they did not

make out-of-sample forecasts. Abramo-
witz and Segal ~1986! made predictions
about the outcome of the 1986 election,
although their predictions were contin-
gent on the value of presidential ap-
proval and the change in real disposable
income that occurred after publication of
their article. In 2002, to forecast the Sen-
ate election that year, Lewis-Beck and
Tien updated the 1986 Abramowitz-Segal
model. Lewis-Beck and Tien’s ~2002!
prediction turned out to have been five
seats off the actual change of seats
~Lewis-Beck and Tien’s 2002 model is
reported in Bardwell and Lewis-Beck
2004!. Abramowitz ~2006! has also made
predictions for the U.S. Senate for the
2006 elections, predicting a 2.2 seat gain
for the Democrats.

Political scientists’ models contrast
with the more district-oriented approach
used by other experts in predicting con-
gressional elections. Others typically use
district- or state-level information to
forecast election results. Sometimes these
predictions are aided by district-level
polls of varying quality. Examples are
the predictions published in Congressio-
nal Quarterly for all House and Senate
elections.

In contrast, political scientists typically
use what we refer to as the aggregate
approach to forecasting elections. Schol-
ars using the aggregate approach exam-
ine past elections. They compare the
number of seats that change party hands
to various measures of a national parti-
san tide. A national partisan tide is repre-
sented by such factors as the health of
the economy, presidential approval, the
quality of candidates running for each
party, or stated intentions of the voters
~Jacobson 2004; Abramowitz 2002!.
Scholars using this approach estimate the
magnitude of these relationships and take
the current values of the independent
variables to predict future elections
~Abramowitz and Segal 1986; Abramo-
witz 2002!.
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The aggregate method and the district-
oriented method each has its strengths
and its weaknesses, but combining the
two methods, as we have done in this
paper, takes advantage of the strengths
of both.

The strength of the district-level
approach is that it recognizes the
importance of district-level factors in
influencing election outcomes. The
weakness is that it may not accurately
assess the size of a national partisan tide.
The strength of the aggregate approach is
that it is better at assessing such a tide.
Its weakness is that it does not assess
how such a national partisan tide may
interact with district-level factors. For
example, if there is a large national parti-
san tide, its impact on how many seats
change hands is contingent on the num-
ber of “swing districts”—districts won
by only a few percentage points. Simi-
larly, the impact of “quality” challengers
running for each party is contingent on
where such candidates are running. They
may be running in very competitive dis-
tricts, or they may be running in only
marginally competitive districts. Combin-
ing both approaches by using a panel
model, that is, a model that combines
many different time series into one
pooled dataset, overcomes both of these
problems. Both national and district con-
ditions, as well as how those conditions
combine to influence election outcomes
may be examined.

Another potential problem with using
the “aggregate approach” for Senate
elections is the staggered nature of sena-
tors’ terms. Only one of the three classes
of senators is up for election in any elec-
tion year. This makes assessing the im-
pact of national level forces potentially
problematic. An aggregate model does
not take into account which two-thirds of
the states are having Senate elections in
the forecast year. Which states’ Senate
seats are up for election can have a
major impact on national election out-
comes due to the varied strength of the
parties from state to state. Grofman,
Brunell, and Koetzle ~1998! take this
problem into account when using the
aggregate approach to explain Senate
elections. A simpler solution is to move
to the pooled approach utilized here.

A related, although smaller, problem
for the aggregate approach is that the
number of Senate seats up for election
varies slightly from year to year. There
are a couple of reasons for this variation.
Occasionally, elections for vacant seats
from either or both of the two other
classes occur. And during every third
senatorial election year, 34 states, not 33,
hold elections for senator. This may
sound trivial, but when the average

change in seats held by Democrats in a
Senate election since 1960 is 3.32, and
the median is 2.5, it is not. A “pooled
approach” does not present these
problems.

The rest of this article explains this
modeling strategy and its predictions,
made June 30, 2006, for the 2006 mid-
term Senate elections.

Methodology
The dependent variable of this analy-

sis is the percent of the two-party vote
that goes to Democrats. These data are
from Congressional Quarterly’s ~CQ’s!
Voting and Elections Collection.2 Three
general types of factors are used in the
model to predict future election out-
comes: a state’s partisan composition,
candidate attributes, and national partisan
tide variables. Variable names are de-
noted in bold below.

The partisan composition of states is
measured in two ways, both following
Highton ~2000!. The first is to average the
two-party vote for Democrats from the
two most recent Senate elections in the
state ~Past Senate Vote!. The second is
to average the results from the two most
recent presidential elections in the state,
after altering them in the following way:
the percent of the Democratic presidential
two-party vote in the nation as a whole in
a particular election is subtracted from
the Democratic share of the two-party
vote in each state ~Past Presidential
Vote!. This is done so that national parti-
san tides favoring a certain party in a
presidential election are subtracted from
presidential vote returns. ~For a full ex-
planation, see Highton @2000#!. These
variables are also from CQ’s Voting and
Elections Collection, cited above.

Three attributes of Senate candidates
are included in the model: whether can-
didates are incumbents; the voting record
of incumbents; and the prior office-
holding experience of non-incumbents.
The variable “Incumbent” has a score
of “�1” if the Republican candidate is
an incumbent, and “1” if the Democratic
candidate is an incumbent. Unelected
incumbents and past incumbents are
given scores of “0.” A vast literature sup-
ports the notion that incumbents get a
much larger share of the vote than non-
incumbents. ~See Jacobson @2004# for
citations charting this phenomenon.! The
coefficient calculated for this variable
can be interpreted to mean the increase
~assuming a positive coefficient! in the
percent of the vote a party’s candidate
will receive if the candidate is an incum-
bent, compared to the percent of the vote
a candidate who is not an incumbent
receives.

The voting records of incumbents are
captured by the variable “Roll-Call Con-
servatism.” This variable is Keith Poole’s
well known NOMINATE score, which
varies from “�1” to “1”, with higher
scores representing more conservative
voting records.3 A large literature has
found that candidates with more moderate
voting records do better in elections ~see
Erikson and Wright 2005 for citations!.
Accordingly, where Democratic incum-
bents have higher NOMINATE scores
~i.e., are more conservative and therefore
moderate! they will get a higher pro-
portion of the vote. Similarly, where
Republican incumbents have higher
NOMINATE scores ~i.e., are more con-
servative and therefore extreme! they will
get less of the vote. Since the dependent
variable is the percent of the two-party
vote that the Democratic candidate will
obtain, this variable is hypothesized to be
positive in sign. Measuring roll-call vot-
ing in this fashion allows “Past Presiden-
tial Vote” to control for the fact that
extreme candidates will be punished less
at the polls when they are from more ex-
treme states ~i.e., states that are heavily
Democratic or Republican!.

The previous office holding experience
of non-incumbents is measured by a
variable labeled “Previous Office Hold-
ing.” This indicator, similar to one cre-
ated by Squire ~1989!, gives points on
the basis of the value of previous offices
held for electoral success. State legisla-
tors are given scores of “1,” statewide
officers ~excluding governors! are given
scores of “2,” members of the U.S.
House are given scores between “3” and
“4” depending on the size of the state
they are from ~more on this in a mo-
ment!, and governors are given scores of
“5.” Candidates who have not held such
offices are given scores of “0.” It is plau-
sible that former U.S. House members
will get a bigger boost in the vote from
their previous offices if they come from
small states with only one congressional
district. In these cases, all citizens of
these states have already been small
states’ candidates’ constituents. We pre-
sume that the voters’ memories of those
relationships would help the name recog-
nition of candidates in these small states
more than it would help the name recog-
nition of candidates in larger states. In
contrast, a candidate from a large state
like California would have represented
just a small fraction of that state’s popu-
lation before the election. Accordingly,
the proportion of the state that a former
House member represents is added to the
score of “3.” Therefore, a former House
member from a large state has a score
close to “3” while a member from a state
with only one district has a score of “4.”
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We also found that many former of-
fice holders had left their previous of-
fices some time before the election they
now contested. Preliminary tests indi-
cated that a candidate’s service in a pre-
vious office, that is, an office not held
immediately prior to the election, con-
tained about two-thirds of the value of
an office held right before the election.
Accordingly, offices that were not held
immediately prior to the election were
only given two-thirds of the points of
those offices held just before the elec-
tion. Republican candidates had their
scores multiplied by “�1.” In the case
of two non-incumbents facing off, their
scores were added together.

The information used to construct the
candidate attribute variables were taken
from Moore et al. ~2001!, supplemented
with numerous sources for years after
2000, from the biographies of all past
members of Congress on the U.S.
Congress’s web site,4 and from the
Council of State Governments ~various
years!. Candidates were only coded for
the last office they held before the elec-
tion. Using the above-listed offices to
define non-incumbents as “quality chal-
lengers” has been well established in
previous literature ~Squire 1989; Adams
and Squire 1997; and Lublin 1994!.

Four aspects of national partisan tides
were measured. The first was respon-
dents’ expressed vote intentions recorded
by the Gallup poll conducted closest to
June 23 of even-numbered years ~Demo-
cratic Vote Intention!.5 June 23 is used
because it is the last date this question
was asked before the writing of this
paper in 2006. Unfortunately, this ques-
tion was not asked in 1988, making it
necessary to exclude that year from anal-
ysis. The Gallup vote intention survey
asks about vote intention for the U.S.
House, not the U.S. Senate, but it is
plausible that respondents are thinking
about which party they will vote for in
general for Congress in the upcoming
election. As we will see shortly, this ap-
pears to be true. A score of 60.4% makes
2006 the most pro-Democratic year since
1982.

The second national partisan tide fac-
tor examined here is presidential ap-
proval ~Presidential Approval!6 ~Lublin
1994!. Again, this was presidential ap-
proval expressed in the Gallup poll asked
closest to June 23 of even-numbered
years. June 23 was used to make it com-
patible with the vote intention question.
When a Democrat was president, it was
the percent of respondents who approved
of the president ~of respondents either
approving or disapproving of the presi-
dent!. When a Republican was president,
it was the percent of respondents disap-

proving of the president. On June 23–25,
2006, presidential approval for George
W. Bush hovered around 38.1%. Plainly,
this was not good news for Republican
senatorial candidates in 2006. Between
1976 and 2006, the only other year the
Democrats have been this advantaged
by presidential approval was 1998.

The third national partisan tide vari-
able is the relative advantage to each
party the performance of the economy
brings. The general idea is that voters
will reward or punish the incumbent
party on the basis of how well the econ-
omy is doing. In the case of congres-
sional elections, if the economy is doing
poorly, voters will punish the party of
the president in congressional elections.
If the economy is doing well, candidates
who share the president’s party will be
rewarded.

The literature published over the last
30 years on the relationship between the
economy and election outcomes is exten-
sive. Early on, Tufte ~1975! posited that
both presidential and U.S. House elec-
tions would be influenced by change in
real disposable income per capita and
presidential approval rates. Hibbs ~1982!
and Kramer ~1971! also pioneered work
in this field. Almost every election fore-
casting model used a variable measuring
the strength of the economy.

It has been widely asserted that the
best indicator of the economy when as-
sessing its impact on election outcomes
was change in real per capita income
~Bartels and Zaller 2001!. This has been
an effective bottom-line measure of the
health of the economy. Unemployment,
inflation, and pay at work all influence
this indicator. In 2001, Bartels and
Zaller argued that this indicator is not
published early enough to be used for
election forecasting. Today, this is not
the case. Monthly per capita disposable
income figures are available about a
month after the fact. Accordingly, in this
paper the strength of the economy was
measured as the percent change in per
capita real disposable income between
May of the year preceding the election
year, and May of the election year
~Change in Real Disposable In-
come!.7 To reflect that Democratic can-
didates are expected to be hurt by a
good economy when a Republican is in
the White House, this variable was
multiplied by “�1” when a Republican
was president, as Lublin ~1994! does.
May 2006 data became available on
June 30. Real per capita income growth
from May 2005 to May of 2006 has
been fairly low, at .53%. In only four of
the 18 elections from 1972 to 2006 has
it been worse ~1974, 1976, 1980, and
1986!.

That the party of the president often
loses seats in midterm elections for the
Senate, and especially the House, is well
documented ~Jacobson 2004!. The fourth
national partisan tide variable captures
the tendency of the party of the president
to lose votes in a midterm election ~Mid-
term Penalty!. This variable is coded
“�1” for midterm elections in which a
Democrat is in office, “1” for midterm
elections in which a Republican is in
office, and a “0” for presidential election
years.

All regularly scheduled Senate elec-
tions between 1972 and 2004 were ex-
amined in this analyses, with two
exceptions. Senate elections in 1988
were not included, for reasons explained
above. Also, Louisiana elections were
not captured here because of the unique
runoff system adopted by that state in
1978. All told, we compiled a total of
522 elections for this analysis.

Findings
The results of the model predicting the

percent of the two-party vote going to
Democrats are displayed in Table 1. All
the variables in the model perform as
expected. All but one attains statistical
significance at the .01 level, and that one
attains the .05 level ~noted below! of
significance. Overall, the model explains
a large portion of the variation in the
dependent variable, with an R-squared of
.62, although a substantial portion of the
variance is still left unexplained. More
important for our purposes, the standard
error of the estimate is 9.67, which indi-
cates that our estimates will be within
19.0% of the actual election outcome
95% of the time. If the election out-
comes we are forecasting come close to
50%, this will mean high levels of uncer-
tainty for the outcome of those elections.
It should be noted that no variable in the
model displayed problematic levels of
multicollinearity.

The findings indicate that past voting
history strongly affects present election
outcomes. “Past Senate Vote” indicates
that for every 1% increase in Democratic
voting for Senate in the past, there is a
.2% increase in Democratic voting in the
present. The coefficient associated with
“Past Presidential Vote” is more strongly
related to present Senate voting. For
every 1% of Democratic voting in past
presidential elections there are .6% more
votes for Democrats in the next Senate
race. If the partisanship of a state
changes in a Democratic direction, mea-
sured by its presidential voting patterns,
this results in more votes for Democratic
Senate candidates.
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Not surprisingly, incumbents do better
in Senate elections than other candidates.
Being an incumbent ~“Incumbent”! is
associated with about 14.5% more votes
for a party’s candidate. The size of the
coefficient associated with “Incum-
bent” is larger than other studies have
estimated. ~We will comment on that in
a moment.! “Roll-Call Conservatism”
also has a large impact on the vote, and
is statistically significant. The average
Democrat in this decade had a score of
�.39, while the most conservative Dem-
ocrat had a score of �.06. Moving from
the average to this more moderate posi-
tion is associated with 4.0% more of the
vote, a substantial difference. Similarly,
the average Republican from the 2000s
had a score of .36, while the most liberal
Republican had a score of �.07. A more
moderate Republican with this score
would get 5.2% more of the vote than
the average Republican, again, a substan-
tial impact.

The large coefficient associated with
“Incumbent” is explained in large part by
the inclusion of “Roll-Call Conserva-
tism.” All incumbents have a score on
this variable. Those who have a score of
“0” on “Roll-Call Conservatism,” and
who are therefore fairly moderate, get a
substantial share of the vote. The average
Democratic incumbent has a score of
�.29, while the average Republican in-
cumbent has a score of .26. This indi-
cates that the boost from incumbency for
the average Democrat will only be about
11.0%, while it will be 11.4% for the
average Republican. This is much more

in line with previous estimates of sena-
tor’s incumbency advantage ~Highton
2000, 496!.

Previous office holding helps candi-
dates obtain more votes. The coefficient
on “Previous Office Holding” indicates
that for every additional level of office
held, candidates get about 2% more of
the vote. This indicates that a candidate
who was a state legislator immediately
before the election gets about 2% more
of the vote than a candidate who has no
electoral experience. Elected statewide
officials get about 4% more of the vote,
a U.S. House member from a large state
gets about 6% more, a U.S. House mem-
ber from a one district state gets about
8% more, and a former governor gets
about 10% more than a candidate with
no electoral experience.

Variables measuring the national par-
tisan tide also behave much as expected.
The coefficient associated with “Demo-
cratic Vote Intention” indicates that for
every 1% more of respondents who say
they will vote for a Democratic House
member, Democratic senators get .19%
more of the vote. “Presidential Ap-
proval” is also related to the vote, but
has a smaller impact than “Democratic
Vote Intention” ~.07!. “Presidential Ap-
proval” is the lone variable that only
attains the .05 level of statistical signifi-
cance, in contrast to the .01 level.
“Change in Real Disposable Income” is
also related to how well Democrats do
in a statistically significant sense ~.01!.
Its coefficient indicates that for every
1% increase in real disposable income

there is under a Republican president,
there is a .41 increase in the vote for
Republican candidates. The same bonus
goes to Democratic candidates under a
Democratic president, of course. The
coefficient for “Midterm Penalty” indi-
cates that even after taking into account
the other national-level variables and the
quality of the parties’ candidates, the
party of the White House is predicted to
lose 3.8% of the vote in midterm years.

Senate Forecast
The coefficients associated with the

independent variables yielded predicted
percentages of the major-party vote that
the Democrats should obtain in the 2006
elections. ~See column 1 of Table 2.!
Barring candidates dropping out, by
June 30, 2006, we could code candi-
dates in many Senate contests with cer-
tainty. Here is what we found.

Thirteen states had already held their
primaries, making 26 of 66 candidates
known. Also, assuming that incumbents
would win their primaries, another 16 of
the 40 remaining candidates were ac-
counted for. Many states’ filing deadlines
had passed by June 30. And, there were
several instances in which all the con-
tenders shared the same characteristics.
There were other instances in which pri-
maries were uncontested. This accounted
for 10 of the 24 remaining candidates.
Counting Bernie Sanders ~I-VT! as a
Democrat brought the number of uncer-
tain candidates down to 13. Six of the 13
races had all current candidates running
with the same characteristics. As long as
new candidates do not decide to contest
the primary, the codings for these candi-
dates are known.

This leaves seven out of 66 candidates
where uncertainty about candidate char-
acteristics was more problematic than the
other cases. In four out of those seven
cases, the top two contenders had the
same office-holding experience. This
meant that the coding would be correct if
either of the two candidates won their
primaries. Even in these last seven cases
there was rarely any real question about
who would win the primary. For pur-
poses of coding, candidates for each
party were picked based on who would
maximize that party’s chances at the
polls. News accounts we reviewed usu-
ally identified the very same candi-
dates as the probable winners of their
primaries.

Using the standard error of the esti-
mate, we compute the probability that
the Democrat will win each election.
~See column 2 of Table 2!. In all,
Table 2 indicates that in 16 of 33 states
there is less than a 90% chance that one

Table 1
Determinants of Democratic Share of the Two-Party Vote in
Senate Elections

Independent Variables

Unstandardized Regression
Coefficient with Standard

Error in Parentheses

Past Senate Vote .226 (.046)**
Past Presidential Vote .576 (.081)**
Incumbent 14.502 (1.057)**
Roll-Call Conservatism 12.113 (2.794)**
Previous Office Holding 2.018 (.252)**
Democratic Vote Intention .192 (.087)**
Presidential Approval .074 (.040)*
Change in Real Disposable Income .413 (.174)**
Midterm Penalty −3.805 (.737)**
Constant 25.523 (4.832)**
R-Squared .619
Adjusted R-Squared .612
Standard Error of the Estimate 9.674
N 522

Note: The cell entries are, respectively, the unstandardized regression coefficient
and the standard error in parentheses. All tests of statistical significance are
one-tailed, save for the constant.
* = P < .05, ** = P < .01

852 PS October 2006



party will win the Senate seat. This re-
flects the fairly competitive nature of
Senate elections, as compared to those
for the House. The most competitive
Senate races for 2006 are those in Penn-
sylvania ~51% chance of a Democratic
win!, Minnesota ~57%!, Ohio ~39%!,
Nevada ~36%!, and Rhode Island ~68%!.
These have been prominently featured in
the news as “key races.” The predictions
of the model for specific races compares
well with the predictions of popular
commentators in the media. The top nine
states identified by the model as most
likely to switch party control include the
top eight that Chris Cillizza of the Wash-
ington Post’s “The Fix” column so iden-
tifies in a list of 10.8

CQ classifies Senate races into seven
different categories. “Safe Democratic,”
“Democratic Favored,” “Leans Demo-
cratic,” and “No Clear Favorite,” with

three more categories for the
Republican side.9 When
points between six ~“Safe
Democratic”! to zero ~“Safe
Republican”! are assigned
to this scale, it is highly
correlated with the model’s
predicted probabilities ~Pear-
son’s r of .93!. However, a
few key races are slightly out
of line between the two sets
of predictions. The five big-
gest outliers are states in
which the forecasting model
predicts that Democrats will
do better than CQ predicts.
CQ classifies Tennessee and
Rhode Island as “leans Re-
publican” whereas the present
model gives them a good
chance of being won by the
Democrats. CQ defines Wash-
ington, Maryland, and New
Jersey as only “leans Demo-
cratic,” but they are given an
excellent chance of being won
by the Democrats in this
model. The fact that media
accounts do not give the
Democratic candidate more
of a chance of winning is
plausibly explained by the
extent of the national tide not
being fairly assessed by “on
the ground” accounts.

The sixth largest outlier
worthy of mention is the case
of the Senate race in Pennsyl-
vania, where incumbent Rick
Santorum is widely heralded
as likely to lose to Demo-
cratic challenger Bob Casey.
CQ defines this race as “leans
Democratic.” Our model
gives Santorum a 49% chance

of victory. It could be that Santorum’s
reputation for being a conservative in
Pennsylvania is not adequately captured
by his roll-call voting record. His involve-
ment in the Terri Schiavo case or his sup-
port of President Bush’s unpopular Social
Security proposals may play especially
poorly in Pennsylvania. Challenger Bob
Casey’s moderate anti-abortion stance
may obtain more votes for him in the face
of Santorum’s more extreme stance on
that issue. Another explanation is that the
current polls showcased in the popular
press are not a good indication of how the
election four months from this writing
will turn out. Such polls are fraught with
problems as forecasting devices ~see
Green and Gerber 2006, for a listing of
some of these!. Election night will help
resolve this discrepancy.

Especially important is assessing the
probability that the Democrats will take

control of the Senate. The Democrats
must win 24 out of 33 races for Senate
control. Using the standard error of the
estimate from the predicted models, ran-
dom numbers were generated to simulate
2000 national election outcomes. When
added together, these outcomes result in a
probability distribution of potential out-
comes for the Senate. The probabilities
for how many seats the Democrats will
have as a result of the 2006 elections are
displayed in Figure 1.10 The median esti-
mate is that the Democrats will have 48
seats after the election, a net gain of three
seats ~considering both Bernie Sanders
and Jim Jeffords ~I-VT! as Democrats!.
Overall, there is a 26.0% probability of
the Democrats having 46 seats or less,
21.3% of having 47, 23.6% of having 48,
and 29.2% of having 49 or more. Most
telling, the Democrats have a 4.7% chance
of taking control of the Senate. Using
these predicted probabilities to construct a
confidence interval indicates that the
model predicts there is a 95% chance the
Democrats will have between 44 and 51
seats following the election.

This narrow 95% confidence interval
constitutes evidence that the pooled ap-
proach utilized here performs better than
what we have termed “the aggregate ap-
proach.” The 95% confidence interval
our model yields is six seats wide. Every
other Senate forecasting model we know
of yields much larger confidence inter-
vals. For example, the 95% confidence
interval that a recent Senate forecasting
model yields is around 11 seats wide
~Bardwell and Lewis-Beck 2004, 822!.11

The 95% confidence interval of
Abramowitz and Segal ~1986, 437! is
around 15. Our “combined” approach
yields much tighter estimates.

These forecasts also hint at a possible
drawback of state by state analyses, such
as those used by CQ. In fact, the classic
weakness of such state by state analyses,
that the state by state calculus does not
fully recognize the extent of a nationwide
shift, may be playing itself out here. CQ
submits that only one state will change
hands: Pennsylvania. The only election
CQ describes as being too close to call is
the 2006 Senate election in Minnesota.
This means CQ is predicting a zero- or
one-seat change for the 2006 Senate elec-
tion. Our analysis indicates that at the
median prediction, the Democrats will
pick up three seats, a much different
prediction.

Conclusion
This article presents a new method of

predicting Senate elections. In making
our predictions, we utilized information
about the partisan composition of states,

Table 2
2006 Senate Candidates and Their
Characteristics

State

Predicted Democratic
Percent of

Two-Party Vote

Predicted Percent
Chance of

Democratic Victory

AZ 38 11
CA 72 99
CT 74 99
DE 73 99
FL 61 87
HA 75 100
IN 40 (0) 14 (0)
ME 42 21
MD 68 97
MA 82 100
MI 67 96
MN 52 57
MS 37 9
MO 43 22
MT 44 25
NE 55 70
NV 47 36
NJ 66 95
NM 67 96
NY 75 100
ND 63 91
OH 47 39
PA 50 51
RI 54 68
TN 58 80
TX 37 10
UT 29 1
VT 62 89
VA 39 12
WA 69 98
WV 70 98
WI 69 97
WY 32 3

Note: numbers in parentheses reflect uncon-
tested races.
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the characteristics of candidates, and
whether national conditions favor one
party. Estimates from the paper indicate
that the 2006 midterm Senate elections
will yield a variety of highly competitive
races. This finding comports well with
that group of Senate races that the media
has been emphasizing about the time of
this writing. Overall, our model predicts
that there is a very slim chance that the
Democrats will take control of the Senate:
4.7%.

It should be noted that while our fore-
cast predicts that the Democrats have little
chance of taking control of the Senate in
2006, it indicates that they will be in good
position for both the 2008 and 2010 elec-
tions. In 2008, Republicans must defend
21 seats, while Democrats must defend
only 12. If Democrats win just under half
of these races, and the forecasts of our
model are correct, they will have 52 seats
after 2008, a slim majority. The 2010 Sen-
ate elections see the Republicans defend-
ing 19 seats, the Democrats 15.

Notes
1. See www.apsanet.org0;elections.
2. This database was accessed through the

Grinnell College library web site at www.lib.
grinnell.edu0db.php, accessed May 2005.

3. These data were obtained at http:00
voteview.com0dwnomin.htm, accessed June 25,
2006. This variable was added to the model at a
reviewer’s request.

4. This web site can be found at http:00
bioguide.congress.gov0biosearch0biosearch.asp,
accessed March 2006.

5. These data are from www.gallup.com
and were accessed on June 29, 2006.

6. These data are from www.gallup.com
and were accessed in late March of 2006 and
June 29.

7. These data come from the Bureau of
Economic Analysis web site, in the Department
of Commerce. Table 2.6 at www.bea.gov0bea0
dn0nipaweb0selecttable.asp?selected�n, and
were accessed April 9, 2006, supplemented by
data collected June 30, 2006 at www.bea.gov0
bea0dn0home0personalincome.htm.

8. See http:00blog.washingtonpost.com0
thefix020060050the_friday_line_static_senate.

html, predictions made on May 12, 2006,
accessed July 1, 2006.

9. www.cqpolitics.com0risk_rating_senate.
html accessed July 1, 2006.

10. Since Indiana has no Democratic candi-
date, this election is modeled as a certain Repub-
lican victory.

11. The standard error of the estimate they
report for their model is 2.84. Extending this two
standard deviations in either direction means
multiplying this number by “4.”
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