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Buying Expertise: Campaign Contributions and Attention to Policy
Analysis in Congressional Committees
KEVIN M. ESTERLING University of California, Riverside

Iexamine the relationship between interest group hard money contributions and legislators’ attention
to policy analysis in U.S. congressional committees. I argue that groups tend to contribute to members
who have a high capacity to develop effective policies and legislation. Consequently, over the long

term, contributions create incentives for members of Congress to enhance their analytical capacity
for policymaking. Using data from hearings on the Medicare program and latent variable modeling
techniques, I demonstrate that members who have a higher latent analytical policymaking capacity tend
to attract more contributions and at the same time tend to engage in analytical discourse in committee
hearings. In addition, members with higher analytical capacity tend to disengage from discussions of the
symbolic aspects of policies that are of interest to constituents. The results help shed new light on debates
over campaign finance reform regarding the normative value of hard money contributions.

Policy analysis is available in abundance on Capi-
tol Hill. Inside-the-beltway elites routinely dis-
cuss the likely implications of proposed govern-

ment interventions, as well as other hypothetical and
empirical aspects of policies such as conditions, con-
straints, risk, and efficiency. Krehbiel (1992) demon-
strates that the committee system of the U.S. Congress
is organized to make use of this analytical policy in-
formation. Because legislators are often risk averse
and are uncertain over the impact of different policies,
they sometimes, but not always, pay attention to expert
information as they develop legislation in committees
(Krehbiel 1992, 62).

The discourse among elite policy watchers often
centers on analytical policy research. Understanding
these technical aspects of policies requires a level of
knowledge, however, that typical constituents do not
possess. Policy expertise is inherently difficult to com-
municate in a sound bite that will resonate with con-
stituents (Arnold 1990, 80). This difference in perspec-
tives between D.C. elites and constituents creates a
dilemma for members of Congress (see Bianco 1994
and Fenno 1978). Committee members may wish to de-
velop expert-informed legislation, but it is constituents
who put legislators in office, not experts. If constituents
cannot evaluate the intellectual merits of legislators’
work in D.C., what induces members to care about
policy outcomes, and to attend to policy expertise in
committees?
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In this paper I argue that the incentive comes at least
in part from interest group pressure. I demonstrate
that groups and their political action committees tend
to give contributions to “workhorse” committee mem-
bers who have higher capacities to engage in analyti-
cal discourse at hearings, and hence a greater demand
for analytical information in their legislative work (see
Box-Steffensmeier and Grant 1999, 515; Wright 1990,
427). Groups tend not to contribute to “show horse”
committee members who routinely engage in unsci-
entific anecdotal discourse aimed at constituents. Al-
though an interest group may only intend to further
some narrow interest, in the aggregate contributions
create incentives for members to enhance their capac-
ity to attend to policy expertise in committee work.
In this view, contributions complement, rather than
substitute for, policy information, reasoned arguments,
and expertise in congressional committees (see, e.g.,
Austen-Smith 1995). This institutional effect generally
is not recognized among good government reformers
(e.g., Claybrook 2000; Common Cause 2004), and these
findings may shed new light on debates regarding cam-
paign finance reform.

ANALYTICAL CAPACITY, CONTRIBUTIONS,
AND ATTENTION TO EXPERTISE

At nearly any committee hearing, one can observe
some committee members engaging experts in the intri-
cate analytical details of policy, while others discuss the
policy topic in more personalized, experiential terms
that resonate with constituents. To illustrate, consider
an example from a hearing entitled, Assessing Amer-
ica’s Health Risks: How Well Are Medicare’s Clinical
Preventive Benefits Serving America’s Seniors (Ways
and Means, subcommittee on Health, Oct. 3, 2002).
In one exchange during the hearing, Ernie Fletcher, a
Republican from Kentucky, and Marthe R. Gold of the
City University of New York Medical School, discussed
the most efficient means to improve prevention in the
Medicare program. In this analytical exchange, the
two discuss the relative benefits of creating incentives
within Medicare to encourage physicians to practice
preventative medicine, compared to creating a public
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education campaign on prevention aimed at seniors. In
her response, Dr. Gold refers to research findings from
studies of the British Health Service as well as from
academic journals.1

In a separate exchange, the subcommittee chair,
James C. Greenwood, a Republican from Pennsylva-
nia, asks Viola Quirion, a member of the Alliance of
Retired Americans, to discuss her personal experience
with inadequate preventative medicine in Medicare. At
the time of the hearing, Ms. Quirion suffered from a late
stage of ovarian cancer. Discussing Ms. Quirion’s plight
highlighted the consequences of the lack of prevention
in the Medicare program, a complex point captured in
anecdotal terms that ordinary constituents could un-
derstand.

For convenience, I label the former type of exchange,
between Fletcher and Gold, “analytical” discourse, and
the latter type of exchange, between Greenwood and
Quirion, “experiential” discourse. Both types of com-
munication are a necessary part of the practice of repre-
sentation. Legislators often wish to demonstrate their
qualifications by talking knowledgeably about policies
(Fenno 1978, 57), and to communicate credible analyt-
ical information to reduce uncertainty among their col-
leagues about their preferred policies (Krehbiel 1992).
At the same time, members wish to demonstrate their
identification and empathy with constituents (Bianco
1994, 55). To connect with constituents, members must
demonstrate that they think the same way that con-
stituents think and respond to issues the same way con-
stituents would respond (Fenno 1978, 58–59). Anecdo-
tal or personal stories often resonate well with ordinary
constituents, who in general do not have scientific train-
ing or the background knowledge to master analytical
arguments for or against policies (Arnold 1990, 80).

Given the importance of the electoral connection for
members of Congress, all members have strong incen-
tives to engage in discourse that may cement a degree
of identification and empathy with their constituents.
That some members invest time and staff resources
to gain analytical knowledge presents something of a
puzzle (Wawro 2000). Participation in policy analytical
discourse is costly because it is difficult to engage others
without preparation (Hall 1996, 37; Wright 1990, 434).
And as Mayhew (1974, 124–125) notes, given low levels
of policy knowledge among constituents, the electoral
connection provides few if any incentives for mem-
bers to invest their time and staff resources in policy
research.

I argue that the pattern of interest group hard money
contributions to members creates incentives for some
members to attend to policy analysis in committees.
Groups use contributions to motivate like-minded leg-
islators to become active in committee work (Denzau
and Munger 1986; Hall and Wayman 1990). Further,
interest groups often are well informed on issues and
care about the consequences of policies rather than the

1 Dr. Gold cites extensive peer-reviewed research in her testimony,
including articles on prevention found in the American Journal of
Preventative Medicine, the Annals of Internal Medicine, the Urologi-
cal Clinician of North America, and the Annals of Thoracic Surgery.

mere positions that members adopt (Esterling 2004).
Consequently, I expect groups to subsidize effective
members who have a relatively high capacity to engage
in the analytical aspects of policies (Box-Steffensmeier
and Grant 1999, 514; Hall and Deardorff 2006). At the
same time, groups do not have an incentive to subsidize
members who tend to articulate sound bites that appeal
to constituents rather than discuss the technical aspects
of policies and their likely outcomes.

Members differ in their background, prior occu-
pation, education, interest in policy analysis, staffing
patterns, and so on. Consequently, members vary in
their marginal cost to gather expert policy information
(Krehbiel 1992, 88). Given this variation in the
marginal cost for members to gather and use analytical
information, interest group will target their contribu-
tions to members with low marginal costs to gather
research, or equivalently, a high analytical policymak-
ing capacity (analogous to Hall and Deardorff 2006).
Given this set of incentives, I expect to observe hetero-
geneity among members in their analytical capacity.
That is, members with a high analytical capacity will
tend to focus on the intellectual and analytical aspects
of policies that are of interest to organized groups,
whereas those with low analytical capacity will tend to
emphasize their identification with constituents. I label
the former type “workhorse” and the latter type “show
horse.” In practice, members fall anywhere along this
continuous dimension.

Members cannot change from a show horse type
to a workhorse type in the short run, because ana-
lytical capacity is largely a function of personal char-
acteristics and background. However, the aggregate
pattern of group contributions can affect the tradeoff
between members’ workhorse and show horse tenden-
cies over the long term. First, groups’ contribution pat-
terns create incentives for members to develop their
analytical capacity over the long term as a means to
attract contributions, because this may be more de-
sirable (and possibly more lucrative) than attending
fundraisers or working the phone for contributions.
Second, assuming contributions help secure reelection
(Alexander 2005), at the margin elections may select
higher capacity members across congressional election
cycles.

Hard money contributions are often vilified in pop-
ular rhetoric. I argue, however, that contributions pro-
vide incentives for members of Congress to develop
greater policy expertise, and hence make for better-
informed legislation. Contributions and attention to
policy analysis go hand-in hand, and in this sense, con-
tributions create a positive externality for democracy.

HYPOTHESES

The empirical portion of this study examines com-
mittee members’ patterns of participation in hearing
debates over the Medicare program (as in Hall 1996).
The hypotheses state expectations regarding the nature
and quantity of questions committee members ask
during hearings. Members’ questions can focus on two
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alternative frames: analytical or experiential.
Analytical questions elicit falsifiable statements
from lobbyists that examine the instrumental aspects
of policies such as general conditions, causes, or
expected outcomes. The analytical aspects of policies
are primarily of interest to elite policy watchers in
D.C. such as interest groups, bureaucrats, and other
legislators, and are relatively costly to ask because
they require prior acquisition of information and
allocation of staff capacity (Hall 1996, 89). In contrast,
experiential questions elicit non-falsifiable individual
experiences with a policy or program that personalize
policies in a manner that is easily accessible to
constituents. This classification parallels that of
Peterson (1995), who in a study of how members of
Congress gather and use health policy information,
distinguishes between “policy-analytic knowledge”
and “ordinary knowledge” (see also Peterson 1997,
1089). The key distinction centers on falsifiability (see
Appendix A); the two types of discourse are aimed at
very distinct audiences.

I examine the effects of each member’s policy an-
alytical capacity on her behavior in committee hear-
ings as well as on her ability to attract contributions
from interest groups. A member’s analytical capacity
depends on such things as her intelligence, interests,
background and training, education, and her staff re-
cruitment and allocation patterns. Thus a legislator’s
policy analytical capacity is not directly measurable.2
Members participate in many hearings during a legisla-
tive session, and so one can get a sense of their unob-
served or latent traits by measuring their behavioral
tendencies across hearings. I assume that although a
show horse member with a low analytical capacity can
mimic a workhorse member with high capacity at any
one hearing, by asking many analytical questions, the
costs of doing so across many hearings are too high, and
their types should separate empirically at this level of
analysis.3

In the analysis below, I use a latent variable mod-
eling approach to measure members’ analytical poli-
cymaking capacity. I expect to observe heterogeneity
among members in their latent tendency to ask analyt-
ical questions at hearings. Members with higher ana-
lytical capacity should tend to participate more often
in hearings and pay closer attention to analytical dis-
course. Those with lower analytical capacity also may
participate frequently in hearings, but across hearings
should tend to engage in experiential discourse. Note
that variation among members in their latent analytical
capacity, combined with a negative correlation between
members’ tendency to engage in analytical and in ex-
periential discourse, would help to confirm the validity
of the member-level latent variable as a measure of an-
alytical capacity. If a show horse member could mimic

2 As I define it, analytical capacity is conceptually related to the need
for evaluation, need for cognition, and the various knowledge scales
of social psychology (see, e.g., Druckman and Nelson 2003).
3 An analogy comes from labor economics, where level of education
is a costly signal to firms of latent productivity; those with higher
capacity pursue higher degrees of education.

workhorses in a sustained manner, one would observe
a positive correlation between members’ tendencies to
ask experiential and analytical questions. In this case,
variation in the latent trait at the member level would
simply capture loquaciousness.

Outcome-oriented groups tend to give contributions
to committee members who are most effective in ad-
vancing their agenda (Box-Steffensmeier and Grant
1999; Denzau and Munger 1986), such as those who
have a greater analytical capacity for policymaking.
Increasing the analytical capacity latent trait should
increase a member’s contributions from groups. Since
contributions and members’ attention to policy anal-
ysis in committees both depend on a member’s an-
alytical capacity, these two outcome variables should
be statistically co-determined (see Bronars and Lott
1997; Gordon 2001, 256n10). Consequently, I expect to
observe a positive correlation between a member’s ag-
gregate contributions and her count of analytical ques-
tions at hearings. Outcome-oriented groups have few
incentives to subsidize show horse committee members
who have a strong tendency to engage in experiential
discourse, a discourse that is compelling to constituents
but not to interest groups. I expect to observe a negative
correlation between a member’s contributions and her
count of experiential questions.

DATA AND METHODS

Much of the previous research on the topic of pol-
icy analysis in committee hearings makes use of
non-random sampling, focusing on major—–but not
representative—–“blockbuster” hearings for analysis
(e.g., Peterson 1995; Esterling 2004). In this project,
I have employed systematic random sampling of com-
mittee hearings on the Medicare program to generate
a representative cross section of hearings on the topic.4
I drew a simple random sample of 23 hearings from the
full population of hearings on the Medicare program in
the U.S. House of Representatives held between 2000
and 2003 (inclusive).5 The issues in my data set include
major, headline-grabbing topics such as prescription
drug benefits and the solvency of the Medicare trust
fund. I also have issues that do not grab media atten-
tion, but are subject to intense lobbying politics such
as prospective payment systems for health providers,
competition and managed care, billing fraud, and regu-
latory burdens for small business. I have issues that are
relatively uncontested but are of great interest to health
policy analysts, such as risk adjustment, coverage in-
formation for beneficiaries, prevention, and long-term
care. Finally, I have more mundane and technical issues
such as billing relations (subvention) between the VA

4 I defined the sampling frame using the hearing keyword “Medi-
care.” Hearings on Medicare are likely not representative of hearings
of all issues in Congress. For example, a member who participates as
a workhorse in hearings on other topics, and chooses to behave as a
show horse in Medicare hearings, is observationally equivalent to a
member who behaves as a show horse in all hearings.
5 I generated a population of 133 hearings using a Congressional
Information Service database search using the keyword “Medicare”
for the 2000–2003 time period.
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TABLE 1. Descriptive Statistics
Mean SD N

Participates in committee hearinga 0.214 0.410 576
Analytical questions counta 3.226 9.567 576
Experiential questions counta 0.932 3.621 576

Member Attributes
Aggregate contributions from health PACs (dollars)a 134936 157184 576
Total contributions from all PACs (dollars)a 968563 1192683 576
Committee or subcommittee chair (1 = yes, 0 no) 0.043 0.204 576
Republican (1 = yes, 0 no) 0.556 0.497 576
Medicare bills sponsored (count) 1.826 2.947 576
Total bills sponsored 18.219 11.129 576
Tenure (years) 11.646 8.279 576
Most recent margin of victory (percent) 68.531 13.482 576
Ideological extremity (Folded DW-Nominate Score) 0.435 0.157 576
Previous health or research occupation 0.139 0.346 570
Proportion of district Medicare beneficiaries 0.179 0.044 570
Per capita health sector employment in district 0.016 0.012 570
Median income of district 37023 9588 570

Hearing Attributes
Count of research organizations on the panela 1.211 1.240 574
Percent empirical argumentsa 0.165 0.097 574
Count of relevant news items 120.272 110.575 574
Presidential election year (2000) 0.627 0.484 576
Length of hearing print (in pages) 139.263 97.341 574

Committee Attributes
Committee health contributions average (excluding member i)b 135106.1 54480.1 574
Committee total contributions average (excluding member i)b 865653 174564 576
Specialized committee jurisdictionb 0.601 0.490 576

Note: Unit of analysis is the member-hearing.
a Endogenous variable.
b Exogenous variable used only in endogenous regressor equations (see Table A1).

and Medicare and demonstration programs involving
the military retirees and the Federal Employee Health
Benefits Program.

Given the sampling procedure, the basic unit of anal-
ysis is the member-hearing. Table 1 presents the de-
scriptive statistics for the variables used in these analy-
ses. The total number of valid member-hearings is 567
for 203 different committee members of nine differ-
ent committees. I use GLLAMM hierarchical latent
variable methods for the statistical analysis (Skrondal
and Rabe-Hesketh 2004). The latent variable model
measures two important but unobserved attributes that
can affect a member’s participation in a hearing: the
member’s analytical capacity and the degree to which
an issue is information-driven (see Hall and Deardorff
2006). The latent variable model estimates the impact
of these measured variables on the outcomes of in-
terest, such as question counts and contributions. In
addition, latent variables model dependence among
response variables that are nonnormally distributed.
Consequently, the latent variable approach allows me
to address a long list of technical statistical issues that
arise in my data, including issue- and member-level het-
erogeneity, the endogenous selection of members into
hearings, endogenous regressors, correlations among
the dependent variables, and overdispersion in the
count processes (Skrondal and Rabe-Hesketh 2004,
17–18, 436).

The statistical analysis models a member’s choice
to participate in a committee hearing and, conditional
on having participated, the quantity and nature of the
questions she asks. The data for these hearing behav-
iors come from a manual count of sentences in the
committee hearing prints; see Appendices A and B for
the coding and reliability, and Table 1 for descriptive
summaries. The measure of Participation in a committee
hearing equals 1 if the member asks one or more of
any type of question or statement at the hearing, and 0
otherwise. Consistent with Hall’s (1996, 118) findings,
participation in committee hearings is far from univer-
sal; a typical member in the sample only has about a
21% chance of participating in a hearing.

Conditional on participating in a hearing, members
ask a variety of different types of questions.6 The cod-
ing scheme classifies members’ questions by type. The
Analytical questions count variable sums the number
of falsifiable, analytical questions a member asks dur-
ing the course of the hearing, and the Experiential
questions count variable sums the number of ques-
tions focusing on nonfalsifiable personal and anecdotal
experiences. In addition, members may ask opinion
questions and may make other miscellaneous remarks,

6 I follow convention and label all members’ statements “questions”
even though in practice members also make assertions, rebuttals,
summaries, and other sentences not in the form of a question.
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so the counts of analytical and experiential questions
are potentially correlated but are not exhaustive. Note
that members ask nearly three times the number of
analytical (mean of 3.2) as experiential (mean of 0.93)
questions. Given the previous discussion, this suggests
committee members in this sample who participate
tend to participate as workhorses rather than as show
horses.

I label the analytical question count, the experiential
question count, and participation as the “hearing be-
haviors.” I specify a separate equation to model each of
the three observed hearing behaviors. Define a vector
xj as a set of exogenous covariates, zj a set of endoge-
nous regressors, εj an additive error term, and ηi as
a (measured) latent variable. Let j index equations
and i + 1 index levels in the hierarchical model. Equa-
tions (1) to (3) define three linear predictors for an arbi-
trary member-hearing: AQ for the analytical question
count; EQ for the experiential question count; and P∗
for participation.

Question Count Equations

AQ = x′
1β1 + z′

1θ1 + λ11η
(2)
1 + λ12η

(3)
2 ; λ11 = λ12 = 1

(1)

EQ = x′
2β2 + z′

2θ2 + λ21η
(2)
1 + λ22η

(3)
2 (2)

Endogenous Selection Equation

P∗ = x′
3β3 + z′

3θ3 + λ31η
(2)
1 + λ32η

(3)
2 + ε3

(3)

P =
{

1 if P∗ > 0

0 otherwise

The model treats members’ participation in hearings
as an endogenous selection problem. The outcomes
for the AQ and EQ equations are observed if P =
1. Conditional on participating in a hearing, I model
members’ analytical and experiential question counts
as overdispersed Poisson that can take integer values
zero or greater. The outcomes for AQ and EQ have a
log link and are Poisson distributed; the outcome for P
has a probit link and is Bernoulli distributed.

Equations (1) to (3) include two latent variables
as common factors: η

(2)
1 is a member-hearing level, or

“level 2,” random effect and η
(3)
2 is a member level,

or “level 3,” random effect. (The parenthetical index
superscripts on the latent variables indicate the level at
which the latent variable varies). The member-hearing
level latent variable η

(2)
1 measures any unobserved qual-

ities of hearings that make members more likely to
participate and ask the different types of questions.
For example, one might expect members to ask more
analytical questions on issues that, for whatever reason,
are more technical in their nature. The member-level
latent variable η

(3)
2 measures member’s latent analyti-

cal capacity. A member’s analytical capacity depends

on unobservable traits such as her intrinsic ability and
interests, her education and background, and on her
staff allocations and personnel recruitment.

The latent variables serve three purposes in the
model. First, they help explain the hearing behav-
ior, and the magnitude of the effect of these vari-
ables is captured in the estimated factor coefficients,
λj ∈ R

kj , where kj is the number of latent variables
ηi included in equation j . Second, they allow estima-
tion of the stochastic covariances across equations.
Third, the member-hearing level latent variable accom-
modates overdispersion in the Poisson processes (see
Miranda and Rabe-Hesketh n.d.; and Scrondal and
Rabe-Hesketh 2004, 107–108).

The xj vectors (j = 1 to 3) in equations (1) to (3)
are exogenous covariates that may affect participa-
tion and questioning. I include whether the member
is a committee or subcommittee Chair, her length of
Tenure, the number of Medicare bills she Sponsored
over the current year,7 whether she is a Republican
party member, her Electoral margin in the previous
election, and her Ideological Extremity measured as the
first dimension of her DW-Nominate8 score folded at
zero. I include the proportion of residents of the district
who are Medicare beneficiaries, because a member is
more likely to become involved in committee work
when the issue concerns her district (Hall 1996, 3–4). I
control for issue salience by including a Count of rele-
vant news items generated from a Lexis-Nexis search,
using hearing keywords, for the three months prior
to the hearing. I account for unequal time intervals
by including the hearing Length measured as pages in
the hearing print.9 The conformable parameter vectors
βj ∈ R

lj capture the direct effects of the exogenous re-
gressors, where lj is the number of exogenous variables
in equation j .

In addition to exogenous control variables, equations
(1) to (3) include four endogenous regressors zj ( j = 1
to 3), two measuring aggregate contributions and two
measuring the informational content of hearings. The
direct effect of these variables for the observed hearing
behaviors are captured in the conformable parame-
ter vectors θj ∈ R

mj , where mj is the number of en-
dogenous regressors included in equation j . To test
the direct effects of contributions on participation and
questioning, I include a variable measuring a member’s
Aggregate contributions from health groups donated in
the same year as the hearing, as classified by the Cen-
ter for Responsive Politics (www.opensecrets.org).10 In

7 Bill sponsorship arguably is an indicator of analytical capacity, but
it also has an institutional component that makes it relationship to
analytical capacity ambiguous (Wawro 2000, 33–34).
8 A measure of legislators’ left-right ideological position, available
at www.voteview.com.
9 Medicare enrollee data are from the Social Security Administra-
tion publication, “Social Security and SSI Statistics by Congressional
District” for 2001. The contributions and margin of victory mea-
sures are from www.opensecrets.com. The sponsorship data are from
www.thomas.gov.
10 A number of articles in the literature examine the behavioral ef-
fect of aggregate non-individual, non-party contributions (Langbein
1986, 1059; Grenzke 1989; Wright 1990, 427; Box-Steffensmeier and
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addition, in the participation (endogenous selection)
model I include a variable measuring Total contribu-
tions from all groups, also as reported by the Center
for Responsive Politics, on the assumption that non-
health contributions will attract members to partici-
pate in nonhealth hearings and away from health policy
hearings (Hall and Wayman 1990).11 The contributions
variables are endogenous because the hearing behav-
ior variables and the aggregate contribution variables
may be co-determined. A member with a high latent
analytical policymaking capacity should attract more
contributions and at the same time participate more
frequently in the analytical discourse at hearings.

I also include two variables that measure the amount
of information lobbyists communicate at the commit-
tee hearings, because as Hall and Deardorff (2006)
note, information subsidizes a member’s time and so
its availability creates incentives for committee partici-
pation. I include a count of the lobbyists at the hearing
who are employed by Research organizations such as
think tanks, universities, or foundations. In addition, I
include a measure of the informational content of lob-
byists’ testimony in the form of an average among all
lobbyists on the panel for the Research content of their
testimony, measured as the proportion of the lobbyist’s
arguments that cite research (see appendix A).12 The
two information content variables measure two distinct
dimensions, the former depends on the attributes of
the lobbyist and the latter is a more direct measure of
the informational content of the lobbyist’s testimony.
There are likely unmeasured characteristics of issues
that both cause committees to schedule informed lob-
byists and cause members to ask additional analytical
questions (i.e., some issues are more “technical” than
others). The variables that measure the informative-
ness of the hearing enter the model as endogenous
regressors.

To accommodate these four endogenous regressors,
I specify an additional four equations and allow the
stochastic component to covary with those of the hear-
ings behavior equations by way of the latent variables.
Define the following linear predictors: HC for logged
aggregate health contributions; AC for logged aggre-
gate total contributions; IP for the proportion of panel
testimony that is informative; and RO for the count of
research organizations on the panel.

Endogenous Regressor Equations

IP = x′
4β4 + λ41η

(2)
1 + ε4 (4)

RO = x′
5β5 + λ51η

(2)
1 (5)

Grant 1999; Fellows and Wolf 2004). Contributions in the same time
period as the observed behavior have a bigger impact compared to
measures employing leads or lags (Grenzke, 8; Wawro 2001, 569n14).
11 I exclude the endogenous variable measuring total contributions
from the equations for the analytical question count and the experi-
ential question count. The variable for total contributions is highly
correlated with the variable for health group contributions (r = 0.80),
and including both variables in these equations causes the model to
become empirically underidentified.
12 To construct the counts of sentences in lobbyist testimony, I ran-
domly sample 20 paragraphs from each written testimony (written
statements have 35 paragraphs on average).

HC = x′
6β6 + λ62η

(3)
2 + ε6 (6)

AC = x′
7β7 + λ72η

(3)
2 + ε7 (7)

The outcomes for HC, AC, and IP have an identity
link and are normally distributed, and RO has a log
link and is Poisson distributed. (See Appendix E for
the exogenous covariates xj , j = 4 to 7, included in
these four endogenous regressor equations; βj ∈ R

lj ,
j = 4 to 7, are conformable parameter vectors). The
endogenous regressors are each modeled with two lev-
els. The contributions variables are affected by a mem-
ber’s analytical capacity and the variables measuring
the informedness of testimony and the composition of
hearing panels are affected by the technical demands
of the issue at the hearing. Note that the model as-
sumes that the ηi are correlated with all elements of
zj , but uncorrelated with all elements of xj . Violations
of this latter assumption can lead to biased coefficient
estimates (Wawro 2001).

I estimate the system of equations simultaneously
using full information maximum likelihood within
the GLLAMM statistical framework and software
(Skrondal and Rabe-Hesketh 2004). The likelihood
function integrates over the two latent variable dis-
tributions and estimates the fixed effect coefficients βj
and θj , factor coefficients λj , and variances ω and ψ

using MLE with adaptive quadrature.13 There are 75
free parameters in the model. I correct for committee-
level (level 4) dependence using the clustered sandwich
variance estimator. The model is empirically identi-
fied at the solution as the estimated information ma-
trix is non-singular (Skrondal and Rabe-Hesketh 2004:
150–51).14

Figures 1a to 1c give a graphical depiction of the
hierarchical latent variable model. Since the parame-
ters for the seven equations are jointly estimated, to
picture the model fully one must imagine the three
figures superimposed on one another.

Figure 1a presents the hierarchical structure of the
model and the distributional assumptions for the seven
simultaneous equations. In Figure 1a, each box is an
equation for an observed outcome (numbered with a
square bracket), each oval is a latent variable, and the
arrows indicate regressions on the latent variables. The
model has a three-level structure and seven equations,
two equations for the question count outcomes, one
for endogenous selection, and four for the endogenous
regressors. The member-level “analytical capacity” la-
tent variable η

(3)
2 captures level three heterogeneity for

the hearing behaviors and contribution levels, and the
member-hearing level “technical issue” latent variable
η

(2)
1 level 2 captures heterogeneity for the hearing be-

haviors and the observed measures of the informedness

13 The numeric approximation for the likelihood function is very
good. Increasing the number of integration points from 8 to 12 did
not affect any of the parameter estimates up to seven significant
figures. The results I present are based on the approximation with 12
integration points.
14 The smallest eigenvalue for the information matrix is greater than
0.30.
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FIGURE 1a. Model Equations with Latent Variables and Distributional Assumptions
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FIGURE 1b. Direct Effects
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FIGURE 1c. Implied Covariances
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of each hearing. The λj i parameters are the factor co-
efficients and are analogous to regression coefficients
for the regression of the observed variables on the la-
tent variables, where j indexes equations and i indexes
the corresponding latent variable. The additive errors
are εj , with j indexing equations. This figure accounts
for 11 of the 75 free model parameters: eight factor
coefficients, two latent variable variances, and a com-
mon additive error variance. I report these estimates
in Table 2.

Figure 1b shows the fixed effect variables and pa-
rameters. The parameter vectors βj are of order equal
to the xj vectors of exogenous covariates, where j in-
dexes equations. The parameter vectors θj are of order
equal to the zj vectors of endogenous covariates. The
specification of covariates in each equation is given in
the text above as well as in Tables 3 and 1a below. Fig-
ure 3b accounts for the remaining 64 of 75 free model
parameters: 10 endogenous variable fixed effect pa-
rameters and 54 exogenous variable fixed effect pa-
rameters. Figure 1c depicts the correlations between
equations that are induced by the common latent vari-
ables. I use equations (A1) through (A5) of appendix
E to retrieve the covariances νj j̃ , where j and j̃ index
equations. I report the estimated correlations among
the residuals, or the ρj j̃ defined in equation (A6), in
Table 2.

RESULTS

Table 2 reports the variances of the latent variables,
factor coefficients, and induced correlations among the
residuals. Table 3 gives the fixed effect estimates for
both the exogenous and endogenous regressors for the
three hearing behavior equations. I have placed the
fixed effect results for the four endogenous regressor
equations in Table A1 of the appendix.

I expect that members will have different analyt-
ical capacities and that this will be reflected in the
variance of the member-level latent variable. That
is, the member-level latent variables makes an infer-
ence regarding a member’s “type,” as tending toward
workhorse or toward show horse, by examining their
behavior across hearings. Workhorses will tend to en-
gage in analytical dialogue over many hearings, and this
behavior is too costly for show horse members to mimic
in a sustained manner. The standard deviation of this
latent variable, equal to the square root of ψ̂2, is 0.44.
One can see this variation graphically in Figure 2, which
plots each member’s empirical Bayes factor score pre-
dictions (the posterior mean of the level three latent
variable from the model evaluated at the parameter
estimates; see Skrondal and Rabe-Hesketh 2004, 225)
against his or her rank. The vertical bars give a 95%
confidence interval for each member’s estimate. Figure
2 shows that, roughly, the lowest quartile of members
is below average in analytical capacity and the highest
quartile is above average.

One must be careful, however, in interpreting this
rank ordering for individual members. Because the
sampling frame is Medicare hearings, this latent vari-

FIGURE 2. Rank Order of Analytical Capacity
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able measures a member’s show horse or workhorse
tendencies, conditional on participating in a Medicare
hearing. If members develop analytical capacity on spe-
cific topics, through specialization, then the low-scoring
members in Figure 2 might score high on analytical
capacity using a dataset that sampled hearings on a
different topic. Alternatively, if the workhorse–show
horse dimension reflects an underlying type, then mea-
sured analytical capacity will be positively correlated
across substantively different hearings. I return to this
statistical and conceptual issue below.

Given this heterogeneity in the analytical capacity
of members who participate in Medicare hearings, I
expect an increase in analytical capacity to increase
a member’s tendency to attend to elite analytical dis-
course across hearings in my dataset, and at the same
time to attract additional contributions from groups. I
also expect that increasing analytical capacity will de-
crease a member’s tendency to engage in experiential
discourse.

The factor coefficients (λ̂j i) I report in Table 2 are
the estimated coefficients for the regression of the ob-
served variables on the latent variables, regressions
that are diagrammed in Figure 1a. I find that increas-
ing a member’s latent analytical capacity for Medicare
policy enhances her tendency to attend to analytical
discourse across Medicare hearings. I have scaled the
member-level latent variable to members’ tendency
to ask analytical questions across hearings (λ21 ≡ 1).
Counterfactually increasing this latent trait one stan-
dard deviation above the mean leads a member to ask
3.8 additional analytical questions at Medicare hear-
ings, a quantity roughly equal to the mean of the ana-
lytical question count for all members.

One can see this relationship graphically in Fig-
ure 3a. For this graph, the horizontal axis is the
posterior Bayes estimate of latent analytical capacity
(the vertical axis of Figure 2) and the vertical axis is
the expected count of questions. The solid curves give
the expected question counts for Republican nonchairs
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TABLE 2. Hierarchical Model Variances and Covariances (Standard Errors in Parentheses)
Correlation Estimatesc

Factor Coefficientsb (ρ̂j j̃ )
(λ̂j i )

Contributions
Member- Analytical Experiential Informative Res. Org.
Hearing Member Question Question Participate Panel Count Health Total

Equation Level Level Count [1] Count [2] [3] [4] [5] [6] [7]
Analytical Question 1a 1a 1

Count [1] (0) (0)
Experiential Question 1.934∗ −2.456∗ 0.647∗ 1

Count [2] (0.212) (1.378) (0.294)
Participate [3] −.407 1.098 −0.188 −0.520 1

(0.436) (0.694) (0.725) (0.676)
Informative 0.674∗ 0a 0.839∗ 0.804∗ −0.334 1

Panel [4] (0.066) (0.118) (0.129) (0.657)
Research Orgs. 0.067 0a 0.926∗ 0.888∗ −0.370 0.906∗ 1

Count [5] (0.036) (0.083) (0.091) (0.722) (0.058)
Health 0a 1.657∗ 0.343∗ −0.418∗ 0.370∗ 0a 0a 1

Contributions [6] (0.559) (0.181) (0.152) (0.138)
Total 0a 1.379∗ 0.330∗ −0.402∗ 0.356∗ 0a 0a 0.792∗ 1

Contributions [7] (0.466) (0.173) (0.415) (0.130) (0.071)
Model statistics

Level 1 Variance (ω̂) 0.117∗ 0.006
Level 2 Variance (Member-Hearing Heterogeneity ψ̂1) 1.181∗ 0.244
Level 3 Variance (Member heterogeneity ψ̂2) 0.197∗ 0.135

Number of Member-Hearings (Level 2 Units) 567
Number of Members (Level 3 Units) 203

Note: ∗p ≤ 0.05, +p ≤ 0.10.
a Assumed restrictions.
b Huber-White standard errors clustered on committee.
c Standard errors approximated by the delta method.
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TABLE 3. Participation and Aggregate Questions Model Fixed Effect Results
Analytical Experiential Participate

Question Count Question Count (Endog. Selection)

IRR = Exp(β̂1) SE(β̂1) IRR = Exp(β̂2) SE(β̂2) OR = Exp(β̂3) SE(β̂3)
Member Attributes

Aggregate contributions from 1.028 0.192 2.954∗ 1.096] 1.062 0.583
health PACs (dollars)

Total contributions from all PACs —a —a —a —a 0.547∗ 0.162
(dollars)

Committee or subcommittee chair 2.427 1.378 1.281 1.305 11.371∗ 9.329
(1 = yes, 0 otherwise)

Republican (1 = yes, 0 otherwise) 0.873 0.188 0.579∗ 0.148 0.693∗ 0.089
Medicare bills sponsored (count) 1.055 0.065 0.839∗ 0.057 1.266+ 0.177
Tenure (years) 1.114 0.113 1.084 0.282 0.861 0.128
Most recent margin of victory 1.08 0.117 1.048 0.255 0.831∗ 0.055

(percent)
Ideological extremity (Folded 1.141 0.106 1.178 0.206 1.087 0.095

DW-Nominate Score)
Proportion of district residents who are 0.973 0.031 1.193∗ 0.092 1.063 0.062

Medicare beneficiaries
Hearing Attributes

Count of research organizations on 1.102 0.131 1.473+ 0.323 0.934 0.081
the panel

Research-based arguments (average 0.347∗ 0.092 0.08∗ 0.034 1.854 2.154
for the panel)

Count of relevant news items 1.329 0.288 1.338 0.627 0.932 0.135
Length of hearing print 1.194 0.257 2.323+ 1.04 0.965 0.135

Note: ∗p ≤ 0.05, +p ≤ 0.10. Logit odds ratios (OR) or exponential mean incident rate ratios (IRR), and standard errors are for the ratios.
See Appendix for the formula to compute z statistics for ratios. Huber-White robust standard errors clustered on committee.
a Assumed restrictions (required for empirical identification).

(the curve for Democrat non-chairs is very similar); the
dotted lines give 95% confidence intervals.15 The curve
with a positive slope indicates the simulated values of
the analytical question counts across the domain of
analytical capacity within the sample. The curve sug-
gests that increasing a member’s analytical capacity
increases her propensity to ask analytical questions.
Increasing the latent analytical capacity variable by
one standard deviation above the mean, making the
member more of a workhorse, on average will in-
crease the count of analytical questions by nearly 11
questions or about one standard deviation. Decreasing
analytical capacity by one standard deviation below
the mean decreases analytical questions by more than
four.

Increasing analytical capacity decreases a member’s
expected count of experiential questions at hearings
(λ̂22 = −2.46, p = 0.031). One can see this relationship
in Figure 3a with the solid, negatively sloped curve.
This function shows that show horse members who
have a low analytical capacity may participate actively

15 The simulation for the expected value sets the variable for chair to
zero, party to one, and all other variables at their means; substitutes
the empirical posterior Bayes prediction for each member (the dots
in Figure 2); and plots the smoothed function values. I create the
95% confidence intervals in a similar fashion by substituting in the
upper and lower bounds for each member’s 95% confidence inter-
val surrounding their estimated analytical capacity (the bars in Fig-
ure 2) and plotting the smoothed values.

at hearings, but they have a strong tendency to en-
gage in low-cost experiential discourse. Decreasing the
latent analytical capacity variable one standard devi-
ation below the mean increases the expected count
of experiential by nearly four questions, or roughly
a standard deviation. Members of above-average
analytical capacity typically ask very few experiential
questions.

That the analytical question count variable is posi-
tively affected by the member level latent variable, and
the experiential questions count is negatively affected,
helps to identify this latent dimension as analytical
capacity rather than some diffuse quality such as lo-
quaciousness. This result is not an artifact of the mem-
ber’s time budget at a hearing because the experiential
question count and analytical question count are not
exhaustive of the types of statements members make
at hearings. In the coding, it is possible for members to
tend to engage frequently in both types of discourse.
Indeed, despite the negative correlation between ana-
lytical and experiential questions counts at the member
level, the overall correlation between analytical and ex-
periential questions is positive (ρ̂12 = 0.647, p = 0.028)
once one takes into account the positive covariance
at the member-hearing level. The results show that
workhorse and show horse types separate in the sta-
tistical analysis; show horses do not mimic workhorses
in a sustained manner across hearings.

At the same time, the factor coefficients in the regres-
sions of the two endogenous contributions variables
on the member level latent variable are positive and
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FIGURE 3a. Plot of Expected Question Counts by Analytical Capacity
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FIGURE 3b. Plot of Expected Contributions by Analytical Capacity
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significant, indicating that contributions flow to mem-
bers who have greater analytical capacity. Increasing
analytical capacity increases contributions both from
health groups (λ̂62 = 1.67, p = 0.023) and from all
groups (λ̂72 = 1.38, p = 0.022). Figure 3b illustrates the
substantive scale of this effect. Increasing the analyti-
cal capacity latent variable by one standard deviation
above the mean (from 0 to 0.44) increases health contri-
butions by 0.73 of a standard deviation above the mean
in logged dollars, which is approximately $94,000 or
72% of the average contributions from health groups.
Likewise increasing analytical capacity by this much
increases all contributions by approximately $431,000
or 45% of the average.

Recall that the analytical capacity measured here is
specific to the Medicare program, and so the greater
marginal effect of analytical capacity on contributions

from health groups (λ̂62 − λ̂72 = 0.278, p = 0.079) in-
dicates that groups tend to subsidize members with
similar substantive interests (Hall and Deardorff 2006).
At the same time, the absolute increase in total contri-
butions from an increase in analytical capacity is much
larger for total group contributions than from health
PAC contributions. This suggests, but does not confirm,
that measuring analytical capacity from Medicare hear-
ings indicates a member’s overall type as show horse
versus workhorse. If each member specialized in a dif-
ferent policy topic, and if specializing is equally lucra-
tive across all topics, then total contributions should be
constant across members. By my argument, that mem-
bers who specialize in Medicare policy attract contri-
butions from nonhealth PACs suggests that workhorse
members in these hearings also behave as workhorses
on other topics.
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The findings depicted in Figures 3a and 3b support
my argument that contributions create incentives for
members to build analytical capacity. Of course, these
incentives will not cause all members to rush to become
policy experts, even in light of the pecuniary advan-
tages. It takes time and resources to develop analytical
capacity for policymaking. In addition, some members
might not find this investment worthwhile, given their
characteristics and electoral situation.

Since contributions and attention to analytical dis-
course both covary with a member’s latent analytical
capacity, the correlations between the analytical ques-
tions count and each of the two contributions endoge-
nous regressors are positive. The induced correlation
between the analytical questions and health contribu-
tions residuals is 0.343 (ρ̂61, p = 0.058) and between
analytical questions and total contributions is 0.330
(ρ̂71, p = 0.057). In this sense, contributions and at-
tention to analysis in committees go hand-in-hand.16

In the model, experiential questions and contributions
are co-determined, and there is a negative correla-
tion between the experiential question count and both
contributions variables: the correlation in the residu-
als between experiential questions and contributions
is −0.418 for contributions from health related groups
(ρ̂62, p = 0.006) and −0.402 for total contributions (ρ̂72,
p = 0.006). In other words, show horses do not tend to
attract contributions from groups.

There is little evidence that members self-select their
participation in hearings in a manner correlated with
analytical capacity. Neither of the two factor coeffi-
cients on the member-hearing or member-level latent
variable is significant in the participation equation. This
implies that members have few intellectual barriers to
participate in committee hearings. In particular, mem-
bers can state opinions or engage in experiential dis-
cussions at relatively low cost, irrespective of the tech-
nical nature of the issue or their analytical capacities.
There is a positive correlation, however, between par-
ticipation and contributions. The correlation among the
residuals between participation and aggregate health
contributions is 0.370 (ρ̂63, p = 0.007); the correlation
between participation and total contributions is 0.356
(ρ̂73, p = 0.006). This positive association between par-
ticipation in committee hearings and contributions is
partially a replication of the Hall and Wayman (1990)
“mobilization of bias” results, which demonstrate that
contributions mobilize committee members to become
active on issues of interest to the contributing groups.
The association I identify, however, does not establish
a causal direction between committee behavior and
group subsidies.

The member-hearing (or issue-)level latent variable
(level 2) variance ψ̂1 is scaled in the analytical ques-
tions equation (1) and also is positive, with a stan-

16 In my theory, the aggregate pattern of contributions creates a long
term incentive for members to develop analytical capacity. Although
I demonstrate the existence of these incentives, I cannot test for
the simultaneous relationship empirically since the statistical model
would no longer be identified.

dard deviation 1.09 (p = 0.001). This indicates there
is heterogeneity across issues: some hearings are
more analytical and information-driven than others.
There are two endogenous regressors that indicate the
relative informativeness of the hearing. The issues
where the committee tends to schedule lobbyists
who present research-based arguments (λ̂41 = 0.674,
p < 0.001) are also the issues where members tend to
ask both analytical (λ11 ≡ 1) and experiential questions
(λ̂21 = 1.93, p < 0.001). Some issues are more technical
than others, and committees appear to schedule infor-
mative lobbyists when the committee members have a
general interest, whether analytical or not, in the policy.
One can see this in the correlations in the residuals for
this informative panel measure and the count of analyt-
ical questions (ρ̂41 = 0.84, p < 0.001). The informative
panel residuals also are positively correlated with the
residuals of the count of experiential questions (ρ̂42 =
0.80, p < 0.001).

In contrast, the count of research organizations at a
panel is not closely related to this “technical issue” fac-
tor (λ̂51 = 0.067, p = 0.595). That the count of research
organizations does not reliably indicate the informa-
tiveness of a panel is sensible, suggesting that it is the
content of testimony that matters more than the mere
attribute that the lobbyist is employed at a research
organization. The correlations between the residuals of
the count of research organizations and the count of an-
alytical questions (ρ̂51 = 0.93, p < 0.001), and between
the count of research organizations and the count of
experiential questions (ρ̂52 = 0.89, p < 0.001) are both
large and positive. This latter result is likely because
the correlation between the informative panel variable
and the research organization count variable is nearly
exact (ρ̂45 = 0.91, p < 0.001).

Table 3 shows the results for the fixed effect vari-
ables in the three hearing behavior equations. Among
the exogenous fixed effect variables, the pattern of the
estimated coefficients for sponsorship of Medicare bills
parallels those of latent analytical capacity. Increas-
ing the number of Medicare bills sponsored by one
standard deviation above the mean increases partici-
pation by 26.6% above the baseline average and de-
creases experiential questions by 16% below the base-
line. The direct effect of Medicare bills sponsored on
analytical questions is not statistically significant, but
the point estimate indicates a 6% increase above the
baseline from a one standard deviation increase, and
this marginal effect is statistically greater than that for
experiential questions; the difference in this marginal
effect between analytical question count and experi-
ential question count is 21.7% (p = 0.010). In addition,
the linear combination of the marginal effect for par-
ticipation and the analytical question count from a one
standard deviation change in sponsorship is associated
with 29% increase in analytical questions over the base-
line (p = 0.109). Although there are many institutional
reasons why a member will sponsor a bill (Wawro 2000,
33–34), these findings suggest that bill sponsors tend to
act as workhorses in the sense of engaging in analytical
but not experiential discourse.

104



American Political Science Review Vol. 101, No. 1

Holding constant a member’s latent analytical ca-
pacity, several fixed effects results lend support to
Fenno’s (1978, 134; see also Hall 1996, 30) assertion
that members use hearings to connect with constituents
even as they engage in technical policy work that con-
stituents otherwise would find inaccessible. First, notice
that the direct effect of increasing the proportion of
the district residents who are current Medicare ben-
eficiaries by one standard deviation above the mean,
or by about 5%, increases experiential questions by
19% (p = 0.022). Holding analytical capacity constant,
members appear to use the hearing to publicly demon-
strate their empathy and accountability, behavior
Fenno labels “presentation of self.” Although statis-
tically significant, this is a substantively small effect.
Only members who are about one standard deviation
above the average on the experiential question count
variable (or expected to ask five experiential questions)
would be expected to ask an additional question. This
suggests that a member who especially is concerned
with connecting with constituents will feel the need
to attend to constituent interests using accessible and
empathetic dialog in committee hearings.

Second, notice that the direct effect of contributions
from health groups, holding constant analytical capac-
ity, increases the expected experiential question count.
Increasing health contributions by one standard devi-
ation above the mean increases experiential questions
by 195% (p = 0.004), an additional two experiential
questions on average or about half of a standard devi-
ation increase. At the same time, I demonstrate above
that contributions and the tendency to ask experiential
questions are negatively related: increasing a member’s
latent analytical capacity increases contributions and
decreases the member’s tendency to ask experiential
questions. So the direct effect of contributions must be
understood as marginal, holding constant a member’s
analytical capacity. As a typical member takes in more
contributions, she will strive to enhance her “presenta-
tion of self” (Fenno 1978, 58–9) in public hearings by
asking experiential questions.

The direct effect of total contributions reduces par-
ticipation in health policy hearings, holding constant
health-related contributions and analytical capacity.
Increasing total contributions one standard deviation
above the mean decreases participation by 45% below
the baseline probability of 0.21, approximately a 9%
decrease (p = 0.041). This finding also partially repli-
cates the Hall and Wayman (1990) findings; receiving
a greater proportion of contributions from groups that
are not interested in health policy tends to mobilize
members away from these health policy hearings.

Finally, consider the direct effects of information in
the hearing behavior equations. Increasing the count
of research based organizations on the panel by one
standard deviation above the mean increases experien-
tial questions by 47% of the baseline (p = 0.077). This
finding suggests there is some expressive value in pos-
ing questions to those who are occupationally labeled
“experts.” In contrast, holding constant the technical
nature of the issue, increasing research-based infor-

mation from lobbyists by one standard deviation leads
members to ask 65% fewer analytical questions (or two
fewer questions, p < 0.001) and 92% fewer experiential
questions (or about one fewer, p < 0.001). This suggests
there is a cost to asking questions of informed experts in
a public hearing, with the information asymmetry prob-
lem perhaps easier to solve behind the scenes (Austen-
Smith 1995). The research-based informed panel mea-
sure suppresses analytical questions at a lesser rate than
experiential questions (the difference in marginal ef-
fect is 26.7%, p < 0.001); so when members do pose
policy questions to these informed panels they tend
focus on the analytical aspects of policies.

Supplemental Validity Analysis

Up to this point, I have interpreted the member-level
latent variable as a measure of the member’s “ana-
lytical capacity” based on the pattern of factor co-
efficients, as is the convention among factor analysis
practitioners. Because this latent variable is closely as-
sociated with members’ tendency to engage in analytic
discourse and not to engage in experiential discourse,
I label this latent dimension “analytical capacity.”17 I
conduct a supplemental analysis at the member level
(not reported) to lend validity to my interpretation.
I model the count of analytical questions that each
member posed to support agency personnel across all
of the hearings in my data set. Support agencies such
as the Congressional Budget Office, General Account-
ing Office and Congressional Research Service pro-
vide non-partisan and objective policy analysis that
members trust and rely on in their work (Bimber
1996).18

The main independent variable is the member’s em-
pirical Bayes factor score predictions, depicted in Fig-
ure 2. For control variables, I include the member
level variables from the main model. Here, increas-
ing a member’s estimated analytical capacity one stan-
dard deviation above the mean increases analytical
questions posed to support agency personnel by 83%
(p < 0.05) of the baseline, or about two additional ques-
tions, an increase approximately equal to the mean of
the support agency question count variable. By con-
trast, increasing constituent interests by one standard
deviation above the mean, measured as the percent of
the district who are Medicare beneficiaries, decreases
the analytical question count to support agency per-
sonnel by 29% (p < 0.05). This finding suggests mem-
bers face a tradeoff between engaging in the analytical

17 In a separate analysis (not reported), I lend additional support
that this latent variable measures analytical policymaking capacity.
I regressed the count of Medicare bills the member sponsored on
the member-level latent variable, and corresponding factor coeffi-
cient was positive and significant (p = 0.055). I take this variable as
exogenous since sponsorship has many institutional, non-individual
determinants.
18 I do not use the count of analytical questions to support agency
staff to estimate the random effects in the full model because of
the sparseness of the data (members ask too few questions of these
witnesses).

105



Buying Expertise February 2007

aspects of policies and improving their identification
sense of empathy with constituents.

DISCUSSION

I show that hard money contributions and mem-
bers’ tendency to engage in analytical discourse and
workhorse behavior tend to go hand-in-hand. Mem-
bers with a higher analytical capacity to work on poli-
cies receive more contributions from groups and at the
same time are more likely to ask analytical questions
regarding the conditions, internal mechanics, or the
current or likely future effects of policies at Medicare
hearings. Members who focus on the symbolic aspects
of policies, aspects that are of interest to constituents,
tend to receive fewer contributions. In the short run,
members are unlikely to be able to change their an-
alytical capacity as a means to attract contributions,
because this depends on such things as a member’s
personal traits, background, and staffing patterns. The
aggregate pattern of contributions does give members
a strong incentive to increase their analytical capacity
in the long run. In addition, assuming greater contri-
butions increase the probability that a member gets
reelected, the electoral process may tend to select high
capacity legislators across election cycles. These results
support the claims of Hall and Wayman (1990) and
Hall and Deardorff (2006) that interest groups often
serve as service bureaus that expand the policymaking
capacity of Congress.

To see the institutional effect of contributions re-
quires one to consider the effect of aggregate contri-
butions over and above the motivation behind indi-
vidual contributors to purchase legislation and votes.
To draw an analogy, like members’ offices, firms dif-
fer in their degree of production efficiency, which they
cannot change instantaneously. The profit motive gives
firms incentives to improve productive efficiency over
time through the construction of new facilities and new
technology. In addition to improvements in the quality
of firms’ products, as a by-product efficiency improve-
ments may inadvertently reduce air pollution if the new
facility has reduced emissions (Tietenberg 2006). In this
case, profits and emissions reductions can be positively
correlated, even when consumers are unwilling to pay
a higher price for goods that happen to be produced in
clean facilities.

In contemporary regulatory policy, many policy an-
alysts believe that government intervention can more
effectively reach social goals using incentives rather
than command-and-control approaches to regulation
(Schultze 1977). The command-and-control approach
to campaign finance reform would ban contributions
and put in place public financing where each candidate
gets a fixed lump sum (e.g., Mathias 1986). In my argu-
ment, this regulatory approach would reduce members’
incentives to improve productive efficiency in specific
policy areas because public financing gives each mem-
ber a constant marginal probability of reelection, and
there is little incentive in the electoral connection that
compels members to attend to the analytical aspects
of specific policies. The current system of private cam-

paign finance, its other flaws notwithstanding, in effect
creates a market for expertise and policy capacity that
in some ways furthers the ends of good government
and deliberative democracy.

CONCLUSION

Good government reformers periodically sound the
alarm regarding hard money contributions in U.S. leg-
islative politics (Bolling 1986; Mathias 1986; Claybrook
2000; Common Cause 2004). If one accepts the norma-
tive standards of deliberative democracy, where par-
ticipants rely only on information and persuasion, the
mere presence of contributions is reason for concern.
As money exchanges hands, many wonder whether the
recipient legislator will attend carefully to the “special
interests” of the contributing group, interests that pre-
sumably lack public justification. This paper demon-
strates that campaign contributions create long-run
incentives for members to augment their analytical
capacities, a type of subsidy that, perhaps unintention-
ally, improves the policymaking capacity and profes-
sionalism of the legislature. In this sense, hard money
contributions provide a normative good to democracy.
Augmenting the analytical capacity of Congress is in
many ways socially desirable but is likely not the intent
of individual PACs.

Even if one accepts this argument, however, a larger
normative concern remains. As Hall and Wayman
(1990, 815; also Hall 1996: 5) note, money always dis-
torts the nature of legislative deliberations. To Hall and
Wayman (1990), the mobilization of bias is among top-
ics, where a contribution can induce a member to work
on topic X instead of topic Y, even if her constituents
would like her to prioritize her work on Y. I show in
addition that contributions over the long run can lead
members to favor the analytical aspects of policies that
are of primary concern to organized groups over the
symbolic aspects of policies that resonate with con-
stituents. If one believes that the end of democratic
politics is the direct expression of constituent inter-
ests through their representatives, then these effects of
contributions are bad for democracy. Alternatively, if
one believes that constituent preferences tend to be
uninformed, and that the end of democratic politics is
the production of informed policies regarding pressing
social and economic problems, then contributions are
good for democracy.

How one resolves this larger normative issue should
affect one’s position on campaign finance reform, and
on the question of whether it is desirable to banish
private money from politics. If one feels that democ-
racies should prioritize the direct, if uninformed, pref-
erences of constituents, one should loudly echo the
call for limiting hard money contributions from the
private sector (e.g., Bolling 1986; Mathias 1986; and
Claybrook 2000). If one believes the end of democ-
racy is to construct policies informed by research and
evidence, however, one might be more hesitant in this
call. Indeed, one could imagine framing PAC contri-
butions as a tax on groups, which in turn subsidizes
a public good of improved analytical capacity and
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increased professionalism in the legislature. To the ex-
tent contributions decrease electoral competitiveness,
one must decide an optimal tradeoff between compet-
itiveness and professionalism of the legislature. In this
view, the normative worth of campaign contributions
is more complex and nuanced than is commonly recog-
nized, and empirical research in this vein should enter
into debates over the need for and nature of reform.

APPENDIX A: CODING CATEGORIES
FOR QUESTIONS AND ARGUMENTS

For both members’ questions and lobbyists’ testimony, I use
an identical coding scheme that mutually exclusively and ex-
haustively classifies statements. I group subcodes as analytical
arguments, experiential arguments, and other.

Analytical arguments are positive, falsifiable statements
about the conditions or problems the policy is intended to
address, causal effects of governmental action, or the internal
mechanics of a policy instrument. Codes: verifiable factual
statement regarding the conditions for policy action; descrip-
tion of how a program, policy, or organization operates at a
general level; causal implication or argument about the effect
of a current policy or program; and the hypothetical future
effects of a proposal. Lobbyists’ analytical arguments have a
supplemental code for the type of research cited to support
the argument. Analytical arguments are considered high cost
if they cite external research to support the claim made in
the statement, and low cost if they do not cite research. The
following are the coding categories for the types of research
cited: a citation to a peer review journal, research bulletin,
or a GAO or CBO study; a citation to an interest group
report; a citation to a commission report or agency study;
an undocumented statistical finding; a general citation to the
research literature; and other research.

Experiential arguments only reference the speaker’s im-
mediate experience, or the immediate experience of one’s
organization, with a policy or in a program. In contrast to
analytical statements, these are nonfalsifiable. Codes: A per-
son’s or organization’s particular experience in a program;
and likely effects from program or an alternative general-
ized from personal experience. There are two residual cate-
gories of arguments. Opinion-based arguments are norma-
tive statements and position or preference statements that
are explicitly qualified as the author’s own belief or opinion.
Miscellaneous arguments are mostly transition statements,
or opening salutations or closing remarks.

APPENDIX B: RELIABILITY TESTS
FOR CODING

A research assistant independently recoded a random sample
of lobbyist statements (N = 578) for an intercoder reliability
test, and the principle investigator re-coded a second random
sample (N = 711) one year after completing the first round of
coding to conduct an intracoder reliability test. The Cohen’s
Kappa reliability statistic for the intercoder reliability test is
0.57 with a 71% agreement rate (32% expected, p < 0.0001),
and for intracoder reliability is .79 with an 85% agreement
rate (30.5% expected, p < 0.0001). While there are no es-
tablished thresholds for reliability, a kappa statistic in the
range of .75 to .80 is widely considered excellent agreement
beyond chance, and .40 to .75 fair to good agreement beyond
chance (Neuendorf 2002, 143). All member questions were
double-coded by both the research assistant and the principal
investigator, with the latter resolving disagreements.

APPENDIX C: COEFFICIENT
INTERPRETATION

The raw coefficients in logit and exponential mean count
models are not easily interpreted, so I present all results
as probability and incident rate ratios (respectively). These
ratios are simply the exponentiated raw coefficients, and the
standard errors are calculated as the product of the ratio
and the untransformed standard error. To retrieve Z scores
from the transformed parameters, divide the ratio by its
standard error, and multiply that quantity by the natural log
of the ratio. In all regressions, I standardize the continuous
independent variables to improve convergence; as a side
benefit, this transformation of the independent variables
allows for a direct interpretation of all odds and rate ratios
for the continuous variables as the effect of changing the
variable from its mean to one standard deviation above the
mean. The corresponding interpretation for the dichotomous
variables comes from comparing the zero to the one category.
The tables of raw estimates are available from the author on
request.

APPENDIX D: ENDOGENOUS REGRESSOR
EQUATIONS

The statistical model includes equations for each of four
endogenous regressors. I include covariates in the contribu-
tions endogenous regressor equations that do not measure
analytical capacity but that may also explain groups’ contri-
bution patterns. These include institutional variables such as
whether the member is a committee chair, a member of the
majority party, bill sponsorship activity, and the most recent
margin of victory (I treat this last variable as exogenous to
contributions because it is in effect a lagged variable). To
capture omitted institutional correlates of contributions, I
include the Committee’s average aggregate contributions from
both health groups and from all groups. To make this mea-
sure exogenous, I summed aggregate contributions across
all members of the committee excluding the member whose
aggregate contributions is being instrumented, and divide
by the number of committee members minus one. In the
equations for the endogenous information content variables,
I include variables that indicate the salience of the issue:
the news item count, the length, and an indicator variable
if the hearing was held in a Presidential election year, which
equals 1 if the year was 2000, and 0 otherwise. To measure
committee policy capacity, I include the committee average
health contributions instrument and a dummy variable for
Specialized committee jurisdiction, which equals 1 if the sub-
committee jurisdiction is primarily related to health (Ways
and Means Subcommittee on Health; Commerce subcom-
mittee on Health and the Environment).

I present the parameter estimates for the four endogenous
regressor equations in Table A1. Space does not permit a
discussion of these results. There is overall very little power
in the informative panel and the research organization count
equations since there are only 23 distinct hearings in the
data set and because the results are clustered on committee.
In the health contributions equations, the instrument for a
member’s aggregate health contributions is statistically sig-
nificant. In addition, being a chair, being a member of the ma-
jority party, sponsoring Medicare bills and having a narrower
margin of victory in the previous election attract additional
contributions from health groups. In the total contributions
equation, having a narrower margin of victory in the previous
election also increases total contributions.
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TABLE A1. Results of Endogenous Regressor Equations
Hearing Level Variables Member Level Variables

Research-Based Research Health Contributions Total Contributions
Testimony Organization Count (logged dollars) (logged dollars)

β̂4 SE(β̂4) IRR = Exp(β̂5) SE(β̂5) β̂6 SE(β̂6) β̂7 SE(β̂7)
Committee Health Contributions 0.289 0.189 0.447 0.256 0.502∗ 0.037 — —

(logged dollars)
Committee Total Contributions — — — — — — −0.25+ 0.145

(logged dollars)
Specialized Committee 0.117 0.251 4.696∗ 3.845 — — — —

Jurisdiction
Chair (1 = yes, 0 = no) — — — — 0.557∗ 0.117 −0.056 0.231
Republican (1 = yes, 0 = no) — — — — 0.206∗ 0.108 0.144 0.105
Medicare Bills Sponsored — — — — 0.213∗ 0.071 — —

(count)
Total Bills Sponsored — — — — — — 0.303 0.218

(count)
Most Recent Margin of Victory — — — — −0.191∗ 0.029 −0.212∗ 0.02
News Item Count 0.133 0.216 0.86 0.142 — — — —
Presidential Election Year −0.178 0.267 0.501∗ 0.143 — — — —
Length of Hearing (pages) 0.085 0.195 0.282∗ 0.109 — — — —
Constant −0.035 0.237 −0.131 0.087 −0.379∗ 0.115
Note: ∗p ≤ 0.05, +p ≤ 0.10. Linear regression coefficients (β̂j ) or exponential mean incident rate ratios (IRR). See Appendix for z statistics
for ratios. Huber-White robust standard errors clustered on committee.

APPENDIX E: INDUCED CORRELATIONS
AMONG EQUATIONS

Let j index equations and i + 1 index levels in the multi-
level model. Define the residual for each linear predictor as∑2

i=1 λj iηi + εj , the sum of all included latent variables (mul-
tiplied by their respective factor coefficients) and additive
error (if present). Assume the following distributions for the
stochastic components:

ε3 ∼ N(0, 1)

ε3j ∼ N(0, ω) for j ∈ {4, 6, 7}
cov(εi, εj ) = 0 for j , j̃ ∈ {3, 4, 6, 7}; j̃ �= j

(A.1)
ηi ∼ N(0, ψi) for i ∈ {1, 2}
cov(η1, η2) = 0

cov(ηi, εj ) = 0 for i ∈ {1, 2}; j ∈ {3, 4, 6, 7}
Each stochastic variable is centered at zero. The variances �
and ω are free parameters; ω is assumed constant for identi-
fication.

I derive the variances and covariances among the residuals
from the estimated parameters using the covariance formula
cov(X, Y) = E(XY) − [E(X)E(Y)] for arbitrary random vari-
ables X and Y. The formula yields a variance when X = Y.
Application of this rule to the equations yields:

o′ = [AQ EQ P]
(A.2)

z′ = [IP RO HC AC]

E[oo′]

=
⎡
⎣ ψ1 + ψ2

λ21ψ1 + λ22ψ2 λ2
21ψ1 + λ2

22ψ2

λ31ψ1 + λ32ψ2 λ21ψ1λ31 + λ22ψ2λ32 λ2
31ψ1 + λ2

32ψ2 + 1

⎤
⎦

=
⎡
⎣ν11

ν12 ν22
ν13 ν23 ν33

⎤
⎦ (A.3)

E[zz′] =

⎡
⎢⎢⎣

λ2
41ψ1 + ω

λ41ψ1λ51 λ2
51ψ1

0 0 λ2
62ψ2 + ω

0 0 λ62ψ2λ72 λ2
72ψ2 + ω

⎤
⎥⎥⎦

=

⎡
⎢⎣

ν44
ν45 ν55
0 0 ν66
0 0 ν67 ν77

⎤
⎥⎦ (A.4)

E[zo′] =

⎡
⎢⎣

λ41ψ1 λ41ψ1λ21 λ41ψ1λ31
λ51ψ1 λ51ψ1λ21 λ51ψ1λ31
λ62ψ2 λ62ψ2λ22 λ62ψ2λ32
λ72ψ2 λ72ψ2λ22 λ72ψ2λ32

⎤
⎥⎦

=

⎡
⎢⎣

ν41 ν42 ν43
ν51 ν52 ν53
ν61 ν62 ν63
ν71 ν72 ν73

⎤
⎥⎦ (A.5)

To construct the correlations ρij̃ reported in Table 2, where
j and j̃ index equations, divide the covariance between two
variables by the square root of the product of the variances
of the two variables, as in equation (A6).19

ρjj̃ = − νjj̃√
νjj νj̃ j̃

(A.6)
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